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Abstract

Race, class and gender affect who goes online for health-related information and what 

they do with this information.  The Internet is the fastest growing medium in the world, and 

consumers are given access to extensive health information.  We know a lot about general 

online users, yet few sociologists have studied the approximately 110 million individuals who 

search for health-related information.  Since general online use is impacted by gender, race and 

class, this study relies upon a survey administered to 418 individuals in upstate New York to 

examine whether these demographic variables also affect health-related online behaviors.  

Women, non-Hispanic whites, the college educated, employed and less affluent were more 

likely to search online for health information.  Beyond this, there were few racial variations; 

however, women and more affluent individuals (as measured by income, education and 

employment) engaged in more health-related behaviors online.  For example, women and the 

college educated were more likely to research complementary and alternative medicine.  

Writers have debated whether the Internet will exacerbate or reduce inequality.  Based on 
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accessing and using online health information, this study finds that the Internet could 

perpetuate forms of classism that exist elsewhere in society, but help to lessen racism and 

sexism. 
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Introduction

The Internet is the fastest growing medium in the world, and consumers are increasingly 

given access to a vast amount of health-related information (Waldo 2000).  Based on studies of 

individuals who access the Internet, anywhere from 36 – 80% search for health-related 

information (Baker et al. 2003; Brakeman 2000; Taylor 2002).  A 2002 Harris Poll found that this 

amounts to 110 million people (Taylor 2002).  We know a great deal about general online users, 

yet we know very little about the millions who search for health information specifically (Coile 

2000; Spencer 2000).  Since general online use is impacted by gender, race and class, this study 

examines whether these demographic variables also affect who is more likely to search for 

health-related information online and what they do with this information.  

In this study we seek more detailed answers to a variety of questions, which range from 

issues of access to policy.  A key question is why consumers would seek health related 

information online, rather than from traditional sources such as their physician or written 

material.  How do they find health websites?  Do they read or hear about a specific website, 

such as mediconsult.com, in a magazine or from their friends or health care provider?  

Alternatively, are they more likely to conduct a general search through online search engines 

such as Excite or Yahoo?  Do consumers have concerns with credibility or confidentiality?  Most 

important, we need to understand what consumers do with this information.  Do they ask their 

physicians questions about the information, or do they use the Internet as a replacement for a 

physician’s care?  Does access to this information empower consumers?  We attempt to answer 

these questions paying attention to differences based on gender, race and class.  
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Literature Review

We know a great deal about general online users, but we know very little about 

individuals who search for health information specifically.  The existing studies provide a 

portrait of online users through demographic information, including gender, race and class.  

This study continues in this tradition by examining how these three demographic variables 

impact who is more likely to search for health-related information online.   

A growing number of individuals have access to the Internet, yet there are divisions 

based upon income, education and race.  Approximately 137 million people have access to the 

Internet (Taylor 2002).  This is significant for the dramatic increase over time, as well as the fact 

that this entails approximately half of the total population in the United States.  The majority 

(74%) have access in their home; whereas, only 40% have access at work and 14% at school (The 

Pew Research Center for the People and the Press 1998).  Despite the large numbers of online 

users, access is dependent upon several demographic factors.  McKechnie (1999) says the 

Internet’s: 

 very existence creates a division into those who have access and  

those who do not.  There is a danger that a whole group of consumers  

could be marginalized because they do not have access to, or cannot  

for what ever reason, use the Internet (87). 

The largest gap between those who can and cannot access the Internet is due to income, 

which is related to education and race.  In general, online users are wealthier and better 

educated than individuals who do not access the Internet (Wolf 1998).  In one survey 

researchers found that the largest segment of households online were those with family incomes 

of more than $50,000 (Goolsbee and Zittrain 1999:10).  Another study found that the richest 
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households were 20 times more likely than the poorest households to have Internet access 

(Pastore 1999).  This same survey showed that education is also correlated with Internet use 

since 41% of users have a college or graduate degree, and another 32% have some college 

experience, though no degree.  Race is also a significant predictor of online use. African-

Americans are only 40% as likely to have Internet access as non-Hispanic whites, especially 

from home (Pastore 1999).  Wolf (1998) found that 87% of Internet users are white.   

Most studies find that women and men do not differ in their Internet usage in the United 

States.  Several studies find that a roughly equal percentage of men and women go online 

(Brodie et al. 2000; CyberAtlas 2000; Pastore 2000a; Reuters 2000).  However, Brodie et al. (2000) 

found that women are less likely than men to do this at home (50 vs. 57%) even though they 

have similar usage at work.  Wolf (1998) explains that women are less likely to go online at 

home because of time and financial constraints.  It is also important to note that the gender gap 

has closed only recently.  As recently as 1999, men were more likely than women to surf the 

Web according to Nielsen/NetRatings (Hu 2000). 

Once we have a portrait of online users, it is important to study why these individuals 

seek information online and what types of information they desire.  As can be expected, The 

Pew Research Center for the People and the Press (1998) found that online users cited 

convenience.  Other reasons include the fact that information is often not available elsewhere, 

and users are able to search many sources at once.  When online, these individuals are most 

likely to engage in the following activities:  communicate through email or chat rooms; obtain 

financial information; research information for school or work-related projects; find the latest 

information about current events, travel or entertainment; and obtain health-related 

information (The Pew Research Center for the People and the Press 1998).  Most important for 
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our study, McKechnie (1999) found that 36% of adults who accessed the Internet looked for 

health information while Brodie et al. (2000) found that more than half of their sample did so.  

Taylor (2002), reporting on data conducted by The Harris Poll, puts the number of 

“cyberchondriacs,” or those who search for health information online, at 110 million.   

Even though we are obtaining more data from non-sociologists, we still know little about 

the millions of individuals who search for health information specifically (Coile 2000; Spencer 

2000; Taylor 2002).  Women are more likely to search for health-related information online 

(Baker et al. 2003; Hu 2000).  One study found that 62% of women who are online search for 

health information; whereas only 48% of men who are online do this (Brodie et al. 2000).  Taylor 

(2002) found roughly equal percentages of women and men who engage in this behavior (60% 

vs. 59%).  Baker et al. (2003) found that men were only half as likely as women to use the 

Internet for health.  One possible gendered explanation is that women utilize health care 

services more than men and are more likely to care for the health needs of their family (Muller 

1990).  Women are more likely than men to have chronic diseases (Rosser 1994).  So another 

possibility is that they are more likely to desire information for the long-term care that is 

required of these diseases, especially since physicians have not always been able to provide 

answers.  Taylor (2002) found that individuals with higher levels of income and education were 

more likely to search for health information on the world wide web, and Pandey et al. (2003) 

found the same results among women.  Baker et al. (2003) also found that more educated 

individuals searched, but did not find a strong relationship with income.  Interestingly, Brodie 

et al. (2000) did not find that searching for health-related information online varied by income, 

education or race once they narrowed their sample to people who had Internet access at home.  

This is surprising given the fact that their study showed that African Americans were more 
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distrustful of Internet data and more concerned with privacy than non-Hispanic whites, which 

should impact their willingness to search online for health information.  We need more data to 

assess who is more likely to search for health information online, and more information that can 

explain these differences, especially from sociologists.   

Studies show that individuals are looking for a variety of health information. Taylor 

(1999) reports that most are searching for information about a specific disease, most notably 

depression (19%), allergies or sinus (16%), cancer (15%) and bipolar disorder (14%).  Brodie et al. 

(2000) also found that 63% want information about a specific disease, while 60% desire 

information about medicines, and 53% want to learn how to prevent illness.  Twenty-eight 

percent are looking for information on a health care provider while 19% seek information on 

“sexual health issues” such as the human immunodeficiency virus (HIV).   

One study shows us why consumers turn to the Internet for health information, but we 

know little about how they find this information.  It is important to find out why they would 

seek health related information online, rather than from their physician.  Much like the reasons 

cited for general online use, Hardey (1999) finds that consumers search for health information 

since these websites provide convenience, confidentiality, and immediate and vast quantities of 

information.  For example, consumers may find it embarrassing to ask their physician about 

certain conditions, thus the Internet provides privacy (Hardey 1999).  How do consumers find 

health websites?  As Levi (2000) argues, there are a variety of ways.  They can read or hear 

about a specific website, such as healthanswers.com, in a magazine or from their friends or 

health care provider.  Alternatively, they can conduct a general search online through search 

engines such as Excite or Lycos.  Data suggest that the former is more common or at least more 

significant, because consumers are more likely to trust websites recommended by their 
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physician or sponsored by a hospital (Pastore 2000b), as well as those suggested by family and 

friends (Health Care Strategic Management 2000).  Yet, Taylor (2002) found that most find 

health websites through a search engine. 

These questions are especially important given the vast number of websites that now 

contain medical information.  The most popular medical websites, as compiled by Barron’s, 

were:  aol.com, drkoop.com, mediconsult.com, healthanswers.com, thriveonline.com, 

onhealth.com, mayohealth.org, intelihealth.com, ahn.com and medscape.com (Yakal 1999).  

AOL Health Channel contains a pretty common format.  It offers articles and other references, 

health tips, support groups, and chat sessions with a physician.  Yet, thousands more exist that 

cover a wide range of topics and reflect a wide range of sponsors.     

How often are individuals accessing the web for health information?  One study 

conducted by Baker et al. (2003) found that 78% of those who use the Internet for health 

information do so “every 2 to 3 months or less.  Only…22% of those who said they used the 

Internet for health said they use the Internet once a month or more” (2403). 

Most important, we need to understand what consumers do with this information.  Do 

they ask their physicians questions about the information, or do they use the Internet as a 

replacement for a physician’s care?  One could assume that consumers would take this 

information to their physician, which is what McKechnie (1999) found.  Stoeckle and Lorch 

(1997) write: 

 Inevitably, the doctor-patient relationship will transform, as the doctor  

may become less of an early encounter for undiagnosed complaints and  

more of a technical check of one’s self-diagnosis and treatment efforts  

with the doctor acting as a colleague consultant (543). 



7

We can see that the Internet has the potential to empower consumers, thereby changing the role 

of the physician, yet whether this actually occurs is unclear. Stoeckle and Lorch (1997) find that 

consumers have been empowered through the self-help movement.  Thus, they seek out 

information so that they can self-diagnose.  Hardey (1999) acknowledges that consumers can 

“challenge a course of treatment” if they have access to outside information.  In particular, 

women who have faced sexism within the health care system (Auerbach and Figert 1995; Rosser 

1994) “may be able to co-opt the technology of the Internet to create alternative platforms that 

subvert the patriarchal hierarchy in the social and economic structure of society,” including 

health care (Ebo 1998:3).   

Our focus in this study is to construct more detailed sociological answers to the above 

questions.  Specifically, we are interested in who searches for medical or health information 

online, why they go online for the information, how they find the information, what they then 

do with the information, and finally what concerns they have with this information. These 

questions will help us examine access to this growing technology.  In particular, we are also 

interested in whether the doctor-patient relationship will change as a result of this technology.  

This will help us examine policy issues that need to be addressed.  We hope to contribute a 

sociological understanding to the above questions, especially since the overwhelming majority 

of the existing information has been collected by online research agencies or journalists.   

 

Methods

Sample 

Our study consists of two samples divided by age, and thus we assumed health status.  

In order to examine a younger, healthier population (with guaranteed access to a computer and 
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the Internet), the first sample consists of a cross-section of the undergraduate student body at a 

small, private liberal arts school in upstate New York. We administered surveys to 97 students 

in two introductory classes and one upper-level course.  The second sample consists of adults 

sitting in waiting rooms at a pediatrician’s office and holistic clinic offering massage and 

acupuncture, and adults in two local shopping malls, all located in the Capital District of New 

York.  Since college students are younger and most likely healthier, we wanted to gain access to 

older adults who may have health problems.  This process proved more difficult.  We were not 

granted access to the local airport, which would have provided a much larger sample.  Once we 

gained entrée to two different clinics, we still only had 15 people complete the survey; eight in 

the pediatrician’s office and seven in the holistic clinic.  This was in part a function of the fact 

that not everyone had access to a computer, because only those individuals with a computer 

and online access were asked to complete the survey.  This was much more common in the 

pediatrician’s office than in the holistic clinic (10 individuals in the former vs. 1 in the latter).  

Yet, the low response rate was mainly due to the fact that very few people frequented these 

facilities.  So we gained entree to two local shopping malls by having their research teams 

administer the survey.  This resulted in an additional 306 surveys.  Thus, we administered the 

survey to 97 students and 321 adults for a total sample of 418 respondents.    
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Dependent Variables 

 The first section of the survey asked whether respondents had access to a computer and 

the Internet.  If respondents had access to both, the next section asked follow-up questions 

about where their computer was located, and how often they went online.  They were then 

asked to identify whether they shopped online, communicated through email or chat rooms, or 

sought the following types of information; research for a school or work project, financial (e.g., 

stock and banking data), job listings, news (e.g., sports), entertainment (e.g., movie listings), 

travel, weather or medical.   

 This paper focuses on a series of follow-up questions asked of only those respondents 

who sought out health information.  They were asked about when they first sought health 

information, and subsequently how often and why they seek this information online.  They 

specified where they find this information, and whether they find specific websites from peers, 

family, magazines, news media, advertisements, health care providers or general search engines 

such as Yahoo.  We asked about whether they sought the following types of information; 

nutrition, diet and/or weight loss; fitness and exercise; disease prevention; specific symptoms, 

conditions or diseases; prescription drugs; or complementary and alternative medicine (e.g., 

herbs, acupuncture).  We listed twenty-one websites to see whether they have visited specific 

sites such as those sponsored by the American Heart Association, Dr. Koop, the National 

Library of Medicine, University of Pennsylvania Cancer Center or National Institutes of Health. 

The next section consisted of questions pertaining to the impact it has had on their health 

behaviors.  For example, we asked whether they seek less information from their physician now 

that they can find information online, and whether they spoke with their physician about the 
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information.  We asked about any concerns they may have such as confidentiality or credibility 

of information.     

 



11

Independent Variables 

The final section asked respondents for the following demographic information.  

Respondents were asked to rate their health, and state whether they or any family members had 

a medical condition or disease.  They were also asked about their sex, age, race/ethnicity, 

marital status, number and ages of children, education, employment, net family income and 

religion.2

Method of Analysis 

 This study used descriptive statistics and multivariate analyses to test relationships 

between the variables.  We analyzed cross tabulations using the Pearson Chi-Square test, and 

then used Ordinary least squares regression and logistic regression analysis.  

 

Results and Discussion

Table 1 reports the descriptive statistics.  Women comprised 60.6% of the sample.  Ages 

ranged from 18 (the minimum age to fill out the survey) to 77 with a mean of 35.  In addition to 

the 92.6% who identified as non-Hispanic white, there were nine African Americans, five Asian 

Americans, eleven Hispanics and four who identified as "other."  Forty-seven percent had never 

married, while 41% were currently married.  The number of children ranged from zero to eight 

with a mean of one.  Thirteen percent completed high school, 21% completed college, and 12% 

held a graduate degree.  Over half (51.1%) were employed.  The mean family income fell in the 

$40,000 - $59,999 range, but 17.8% made $100,000 or more.  Sixteen percent did not identify a 

religious preference, while 23.1% identified as Protestant, 50.5% as Catholic, 6.3% as Jewish and 

4.1% as "other."  Respondents were generally healthy.  Nearly 85% rated their health as 
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"excellent" or "good," and only 29% identified a medical condition or disease.  Likewise, only 

38.2% said one of their family members had a medical condition or disease.  Table 2 reports the 

correlation matrix.   

More than half of the sample (54.8%) searched online for health-related information, but 

there are interesting demographic differences. Women were more likely than men to seek health 

information (61.9% vs. 44.5%).  Non-Hispanic whites were more likely than people of color to 

search medical websites (55.6% vs. 44.8%).  The higher educated (63.8% vs. 50%), employed 

(60.6% vs. 49%) and less affluent (47.1% vs. 55.6%) were also more likely to search for health or 

medical information.  Income is the only variable that contradicts prior literature (Baker et al. 

2003; Taylor 2002); however, the cross tabulations for income and race were not statistically 

significant. 

The following discussion analyzes race, class and gender separately, and primarily 

focuses on significant multivariate analyses.  

 

Class

Class was assessed using separate measures for income, education and employment.  

First turning to education, a logistic regression equation showed that individuals with at least a 

college degree are more likely to have searched the website of the National Institutes of Health 

(NIH).  Controlling for all other demographic variables (see the methods section), having a 

college degree increased the odds of searching this specific website by over 7 times (antilog of 

7.195).  See Table 3 for data on all of the logistic regression equations.  Ross and Mirowsky 

(1999) find that education improves one’s knowledge about health and one’s health status.  

Highly educated individuals have a greater sense of personal control, which translates into 
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better health through their lifestyle choices.  When this interest is coupled with the fact that 

college educated individuals are more likely to have a computer, especially at home (Pastore 

1999), it should come as no surprise that a significant cross tabulation (p<.01) showed that 

individuals with at least a college degree are more likely to search online for health-related 

information (63.8% vs. 50%), as prior research has shown (Taylor 2002).  It is hard to say why 

these factors make them more likely to search this specific website, though.   

A logistic regression equation showed that college educated individuals were more than 

two times as likely (antilog of 2.433) as those without a college degree to search online for 

information on complementary and alternative medicine (CAM), probably because they are 

more likely to use these techniques (Mattson 1982).  This reflects, in large part, the association 

between education and income.  These techniques are expensive and there is little insurance 

reimbursement, so those with a college degree are more likely to use these techniques since they 

can afford to pay out-of-pocket.  Higher income individuals also face less stigma than the 

working class when they use these techniques (Lowenberg 1989).   

Some significant cross tabulations (p <.05) showed interesting results pertaining to 

education.  Higher educated individuals were more likely to tell their physician about the 

information they find online (55.9% vs. 39.7%), possibly because they are more likely to see a 

physician (Ross and Wu 1995).  However, the college educated were less likely to seek 

information on fitness (25.3% vs. 40.3%), which is surprising given that they are more likely 

than those without a college education to exercise (Ross and Mirowsky 1999). Finally, higher 

educated individuals were less concerned with anonymity (5.3% vs. 13.4%), which is difficult to 

explain.   
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Second, turning to employment as a measure of class, a significant cross tabulation (p

<.05) showed that individuals who are employed were more likely to seek health information 

online (60.6% vs. 49%).  Significant logistic regression equations showed that individuals who 

are employed were 2.5 times (antilog of 2.500) more likely to search online for information 

about fitness and exercise, and were more likely (antilog of 2.417 times) to say they search for all 

types of health-related information online because they can search many sources at once.  This is 

not surprising given that Ross and Mirowsky (1999) found that those employed full-time say 

they are in better health, which means they are interested in fitness and health.  

Third, contrary to prior research, individuals with higher incomes (greater than $100,000) 

were not significantly more likely to search online for health-related information or tell their 

physician about any information they find.  They were less likely to search for health 

information from other sources, such as books or television, since they started obtaining this 

information online, though, according to a significant cross tabulation (p <.05). A regression 

equation showed that individuals with incomes greater than $100,000 were less likely to be 

concerned with the credibility of the health information they find online (see table 4).  Perhaps 

they feel more confident in their ability to discern misleading or false information, or they are 

simply more trusting of health agencies and professionals.  The logistic regression equation 

showed that individuals with incomes higher than $100,000 were more than four times (antilog 

of 4.326) more likely as those earning less than $100,000 to buy a health-related product online.  

This may be due to the fact that they are more able to afford it or simply due to the fact that they 

have greater access to computers, especially at home (Goolsbee and Zittrain 1999).    
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Gender

The logistic regression equations showed that women were more likely to engage in 

many health-related behaviors online.  Most important, women were slightly more likely than 

men to search for health-related information online (antilog of .554).  Women were also more 

likely to search for information on specific symptoms, conditions or diseases (antilog of .262), 

and search the WebMD website (antilog of .422). Significant cross tabulations also showed that 

women were more likely than men to search for information on prevention (40.4% vs. 24.7%) (p

<.05), and to have visited www.kidshealth.org (16.6% vs. 4.2%) (p<.01).  Women live longer than 

men, but experience more morbidity (Waldron 1994).  Women are more likely than men to 

develop acute conditions, as well as many chronic diseases, such as lupus and arthritis (Rosser 

1994).  So one could argue that women simply need more information about symptoms and 

diseases.  Yet, gender norms encourage women to ask for help, and act as caretakers.  So these 

findings are not surprising given that women are more likely than men to see a physician 

(Auerbach and Figert 1995), and thus find out about a medical condition or hear about a 

medical website. Women are also more likely to take care of their family’s health (Auerbach and 

Figert 1995),  so they may be looking for information for loved ones.  The data show that 

women are more likely to do this; however, the cross tabulation is not statistically significant.  

Interestingly, women were not significantly more likely to tell their doctor about the 

information they find online.     

A logistic regression equation showed that women were also more likely than men to 

search for information on complementary and alternative medicine (CAM) (antilog of .373).  

Women are more likely than men to use complementary and alternative medicine so they are 

more interested in this information (Goldner 1999; Mattson 1982).  
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Race

According to the logistic regression equation, non-Hispanic whites were more than five 

and a half times as likely as people of color to search online for information about nutrition, diet 

or weight loss (antilog of 5.581).  African Americans and Hispanics have higher rates of obesity 

than non-Hispanic whites (31.1% and 23.7% vs. 19.6%) (Centers for Disease Control), so it is 

possible that they are either less interested in obtaining this information or less interested in 

obtaining this information online.  Regarding the latter, Brodie et al. (2000) found that African 

Americans were more distrustful of Internet data than non-Hispanic whites.  These authors, as 

well as Fox et al. (2000), found that African Americans are also more concerned with privacy 

issues on the Web than non-Hispanic whites.  Both of these factors should impact their 

willingness to search online for any type of health information.   

Another logistic regression equation showed that non-Hispanic whites were slightly less 

likely to find health-related information online through magazines, news media or 

advertisements listing specific websites (antilog of .132).  Compared to non-Hispanic whites, 

African Americans are slightly more likely to read newspapers (81.2% vs. 79.5%), watch 

television (94.8% vs. 93.5%), and listen to the radio (87.6% vs. 84.3%) (Mediamark Research Inc. 

2001), so perhaps this can explain why they were more likely to find health websites through 

these sources.  We could not find any data on potential racial differences in exposure to 

advertisements aside from what is inferred from above. 

A significant cross tabulation (p <.05) showed that non-Hispanic whites were more likely 

than people of color to tell their physician about the health-related information they find online 

(48.6% vs. 15.4%).  This could be explained by the fact that people of color have less access to 
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physicians (Zuvekos and Taliaferro 2003).  Access into the health care system is affected by 

whether or not you have health insurance.  African Americans are less likely than non-Hispanic 

whites to have health insurance given lower marital rates and lower levels of employment.  

Hispanics are less likely to be covered due to lower employment rates, but even when 

employed, they are offered health insurance less often (Zuvekos and Taliaferro 2003).  Yet, 

people of color face racism in the health care system (Virnig et al. 2002) so this may make them 

unwilling to enter the health care system even when they are granted access.  The Institute of 

Medicine published a report in 2002 that summarized the more than 100 studies that found that 

people of color receive poorer health care even when they have the same health condition, 

income and insurance coverage as non-Hispanic whites. 

 

Conclusion

Ebo (1998) asks whether the Internet will become a “cyberghetto” or “cybertopia” (2).  

Proponents of the “cyberghetto” position argue that the Internet perpetuates and possibly 

exacerbates racism, classism and sexism.  For example, the better educated and more affluent 

have greater access to computers, which leads to “electronic red-lining” (Ebo 1998:6).  

Advocates of the “cybertopia” approach suggest that barriers to computer access are decreasing 

and individuals are on a more level playing field on the Internet, especially since “visual 

identities [are] de-emphasized” (Ebo 1998:5).  Only those individuals with computer and online 

access were asked to complete the survey, so this study cannot say definitively whether 

computer access varied by race, class or gender.  Women, non-Hispanic whites, the higher 

educated, employed and less affluent were more likely to search online for health-related 

information, though.  Prior literature (Baker et al. 2003; Taylor 2002) would have predicted all of 
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these except the cross tabulation based on income, but it is important to note that the cross 

tabulations for income and race were not statistically significant.   

Brodie et al. (2000) found that “once people were online, their health information-seeking 

behavior varied little by demographic categories” (264).  This analysis supports this statement, 

especially since there were few racial variations; however, there were some key differences by 

gender and class that must be noted.  In general, women and more affluent individuals (as 

measured by income, education and employment) engaged in more health-related behaviors 

online. This information can be empowering, especially for individuals who face oppression 

within the health care system such as women (Auerbach and Figert 1995; Rosser 1994) and 

people of color (Institute of Medicine 2002).  To this extent, the Internet could perpetuate forms 

of classism that exist elsewhere in society, but help to lessen racism and sexism.  Only non-

Hispanic whites and the college educated were significantly more likely to tell their physician 

about the health information they found online, though.  So future research needs to examine 

how this potential empowerment manifests itself. 

This study examined whether and how people use the Internet for health-related 

information.  Though it is limited by sample size and geography, it is one of the first to examine 

this issue from a sociological perspective.  This is important since sociologists have long 

examined how race, class and gender shape our experiences in society.  Future research should 

continue to examine how demographic variables impact our online access and behaviors. 
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Table 1.  Descriptive Statistics for Independent Variables 
Independent 
Variables 

Mean Standard 
Deviation 

Minimum Maximum N 

Sex .3942 .48927 0 1 416 
Age 35.0988 15.00861 18 77 415 
Race/Ethnicity .9303 .25497 0 1 416 
Marital Status .4087 .49218 0 1 416 
Children 1.0697 1.38580 0 8 416 
Education .3573 .47978 0 1 417 
Employment .5108 .50048 0 1 417 
Family Income .1775 .38263 0 1 383 
Religion .1602 .36723 0 1 412 
Health Rating .3381 .47364 0 1 417 
Medical Condition 
or Disease 

.2926 .45549 0 1 417 

Family Medical 
Condition/Disease

.3822 .48651 0 1 416 

Sample .7679 .42265 0 1 418 

Table 2.  Correlation Matrix 
 Sex Race Education Employment Income 
Sex 1
Race .098* 1    
Education -.049 .047 1   
Employment .000 .092 .289** 1  
Income .028 -.017 .085 -.094 1 
* p <.05; ** p<.01 (two-tailed tests) 
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Table 3.  Logistic Regression Coefficients for Significant Health Variables 
Independent 
Variable 

Dependent 
Variable 

B (S.E.) Exp(B) Constant Chi-
square 

-2 Log 
likelihood

Education Search NIH site 1.973** 
(.771) 

7.195 -4.203** 29.903** 71.261 

Complementary 
and Alternative 
Medicine (CAM)

.889* (.406) 2.433 -2.821* 27.615** 190.163 

Employment Fitness & 
Exercise 

.916* (.436) 2.500 .527 37.475*** 214.733 

Search many 
sources 

.882* (.372) 2.417 .279 19.164 257.254 

Income Buy Product 1.465** 
(.567) 

4.326 -4.519*** 30.590** 162.585 

Gender Search for 
Health 

-.591* 
(.237) 

.554 -1.123* 68.583*** 451.498 

Search about 
Symptoms or 
Diseases 

-1.340** 
(.377) 

.262 .407 34.603*** 214.290 

Search WebMD 
site 

-.863* 
(.405) 

.422 -3.222** 31.179** 218.016 

CAM -.986* 
(.467) 

.373 -2.821* 27.615** 190.163 

Race Search about 
Nutrition, Diet 
or Weight Loss 

1.719* 
(.806) 

5.581 -.221 20.102 260.739 

Find sites 
through 
Magazines, 
News Media or 
Ads 

-2.027** 
(.780) 

.132 1.188 34.758*** 196.846 

NOTE:  This table shows the results from ten separate multivariate logistic regressions.  Each 
equation contained all thirteen of the independent variables discussed in the methods section 
and endnote 2, but only significant variables are reported.  N=204 except for “Search for 
Health” (N=377) and both “NIH” and “WebMD” (N=198). 
* p <.05; ** p<.01 *** p<.001 (two-tailed tests) (standard errors in parentheses) 
 

Table 4.  Ordinary Least Squares Regression of Credibility by Income 
 B Beta 
Income -.310* (.148) -.156 
Constant 2.229 (.250)  
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Adjusted R Square .060  
* p <.05; ** p<.01 two-tailed tests (standard errors in parentheses) 
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Endnotes

1 This research was funded by a faculty development grant awarded to Melinda Goldner from 
Union College (2002).  The author wishes to thank Sarah Rogers for her invaluable assistance in 
gathering literature and collecting data. 
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2 Health rating is coded as 1 for excellent and 0 for all other categories.  Both questions 
pertaining to any medical conditions or diseases were coded 1 if they said yes or 0 if they said 
no.  Year of birth was translated into age by subtracting their year of birth from the year the 
survey was administered.  Ages were combined into the following ranges for the cross 
tabulations; 18-29, 30-49, and 50-77.  Sex was coded 1 for male and 0 for female.  Race and 
ethnicity were coded 1 for non-Hispanic white and 0 for all others (including African American, 
Asian or Pacific Islander, Hispanic, Native American and other).  Marital status was coded 1 for 
married and 0 for never married, divorced, separated or widowed.  Though respondents were 
asked to identify the age range of their children, this variable is coded by the total number of 
children they have.  For the cross tabulations, respondents were grouped according to whether 
they had children or no children.  Education, asking for the highest level of school the 
respondent completed, is coded 1 for college degree or higher and 0 for less than a college 
degree.  Employment is coded 1 for being employed, 0 for not being employed.  Net family 
income, before taxes, is coded as 1 if they made $100,000 or more and 0 if they made less than 
$100,000. Religion was coded as 1 if they stated they had no religious preference and 0 if they 
stated any religious preference (Protestant, Catholic, Jewish or other).  Finally, we created a 
dummy variable for their sample with 1 being adult and 0 being college student.    
 






